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CHAPTER V 

THE MODEL TESTING AND CONFIRMATION 

5.1 Introduction: 

In the previous chapter, the CFA and testing of the measurement model is conducted and this 

chapter intended to test the structural relationship among the latent constructs and confirmation 

of the model. The SEM using AMOS 20.0 software is employed to confirm the proposed model 

and test the hypothesis empirically. The overall fit of the model is also discussed in this chapter.  

SEM is a statistical methodology used in a different branch of social sciences. It is the robust 

statistical methodology where the factors or the variables are analyzed without segregating them 

into dependent and independent. It is a technique of different multivariate analysis into one 

model-fitting framework. The SEM aims at establishing the causal relationship among the series 

of structural (i.e. regression) equations and displays the model pictorially to enable the clear 

conceptualization of the theory under study (Byrne 2016). SEM is used for representing, 

estimating, and testing the theoretical linear relationship among the variables which are directly 

observable or unobservable. SEM is a sophisticated tool in the field of social science research to 

measure the interrelationship among the set of variables. SEM has the competence to fit in 

latent variables that are not directly observed in the analysis, and has practical and theoretical 

concepts, and accounts for measurement error (Hair et al., 1988). It is the blend of factor 

analysis and regression analysis. This method was developed to overcome the disadvantages of 

both factor analysis as well as regression analysis.  

Especially the SEM is an integration of: 

i)        Measurement theory ( derived from Psychology) 

ii)      Factor Analysis ( derived from Psychology Statistics) 

iii)    Path Analysis ( derived from Epistemology from Biology) 

iv)    Regression ( derived from Statistics) 

v)      Simultaneous Equation ( derived from Econometrics) 
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5.2 Different terminology used in SEM: 

Latent variables: The variables which are not observed directly and denoted by oval shape 

in the diagram. Instead of observing directly, these variables are inferred with the help of 

observed variables which are directly measured using the mathematical model. The oval 

shape in the diagram represents latent variables in the SEM. 

Observed variables: The variables which are directly observed in the SEM model which 

are used to infer the latent variables are known as observed variables. The square or 

rectangle shape in the diagram represents the observed variables. 

Exogenous and endogenous variables: The exogenous variable is the same as the 

independent variables or exploratory variables. These variables are considered independent 

i.e. this causes the change in the dependent variables (Endogenous variables). The latent 

factor from where the single-headed arrow goes to another latent in the path diagram.  The 

variable in which the change in exogenous variables is reflected is called endogenous 

variables. The latent factor where the single-headed arrow comes in the path diagram. 

Path coefficient: The path coefficient is the same as the regression coefficient in the 

regression analysis. It denotes the casual relationship among the latent constructs. The 

single-headed arrow from one latent to another denotes path co-efficient. 

Co-variance: The correlation among the latent is denoted by the double-headed arrow in 

the path diagram and it is termed as co-variance.  

Error term: It is denoted by ‘e’ in the path diagram as reflected in the regression analysis. 

5.3 The rationale of using SEM:  

It addresses different kinds of research problems: 



126 
 THE MODEL TESTING AND CONFIRMATION 

i)        It is particularly suitable in the context where the researchers are interested in 

complex, multi-faceted constructs that are measured with error. It is often related to 

Psychological and Socio-psychological concepts. 

ii)      The other kind of research question SEM is suited to the ones that specify the 

systems of relationship rather than dependent variables and the set of predictors. That 

means if a researcher is interested in modeling a casual system then SEM is suitable. 

The casual effect relationship is shown through the path coefficient to measure the 

degree of impact of exogenous (independent) to endogenous (dependent) variables 

iii)    Where the researchers are interested in indirect or mediation effects among the 

variables, the SEM is perfectly suitable. In many research contexts, the researchers are 

interested in more complex kinds of relationships where the first variable influences the 

second variable and the second variable influences the third, the SEM technique is 

perfectly suitable i.e. the role of the mediating variable (mediator) which is between 

exogenous and endogenous can easily be dealt with the techniques of SEM.   

iv)    The SEM technique deals to overcome the difficult problem of multicollinearity 

taking into account the reliability and validity issue. 

The SEM consists of the measurement model and the structural model. The measurement model 

examines the relationship between the construct and its respective indicators. Each of the 

indicators carries a measurement error ‘e’ and has also been discussed in the previous chapter. 

The structural Model measures the casual relationship among the constructs and is tested 

empirically. The impact of exogenous to endogenous constructs is expressed in terms of 

standardized regression co-efficient which is shown with one headed arrow diagrammatically 

which is called Path co-efficient. The expression of path co-efficient can be expressed 

mathematically which is shown below.  

𝜂1=𝑦11𝜉1 + 𝑦21𝜉2 + 𝛿1 

Where, 
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 𝜂1= Endogenous latent variable 

 𝑦11= Path Co-efficient 

 𝜉2= Exogenous construct and, 

 𝛿1= Error in the measured variable 

 

5.4 Latent and observed variables in the study 

The SEM is a comprehensive statistical tool that deals with both the latent and observed 

variables simultaneously. The unobserved or latent constructs cannot be measured directly. The 

latent constructs are measured with the help of the observed variable indirectly. The observed 

variables are the manifest variables (indicators) which help to identify the different underlying 

constructs. Therefore, one latent variable is represented by several indicators. 

In this study, several indicators representing the different latent variables have been taken 

separately. It has been confirmed by the researcher in the previous chapter (measurement 

model) about the association of different indicators to their respective constructs.  The proposed 

model shown in figure 5.1 consisted of six latent constructs. They are Service Quality (SQ), 

Accessibility (ACC), Safety & security (SAF), Destination Image (DI), Tourists’ satisfaction 

(SAT), and Behavioural Intention (BI). The summary of the variables in the proposed model is 

shown in table 5.1. 
Table 5.1 

Variables summary of the proposed Model 
Observed, 

Endogenous Variables 
Unobserved, 

Endogenous variables 
Unobsorbed, 

Exogenous variables 
 

SQ3, SQ4, SQ5, SQ6, SQ7 
  

SQ 
ACC1, ACC3, ACC4, ACC5, ACC6  ACC 

SAF1, SAF2, SAF4, SAF6 SAT SAF 
DI2, DI4, DI5, DI7 DI DI 

SAT2, SAT3, SAT5, SAT6  e1 to e25 
BI1, BI2, BI3  F1 and F2 
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Figure 5.1 
Path Diagram of Proposed Model 

 

 

5.5 Model Identification 

Before testing the structural model, the measurement model has to be validated and shown in 

the previous chapter. The measurement model deals with the relationship between the latent 

factors with their related indicators and covariance among the latent constructs depicting by 



129 
 THE MODEL TESTING AND CONFIRMATION 

two-directional arrows. But the SEM also incorporates the uni-directional error representing the 

casual relationship among the latent constructs. It is intended to examine the identification of 

the model. The SEM is only possible when the model is over-identified. The just identified and 

under-identified model does not work in SEM. In brief, the number of parameters to be 

estimated should be less than the number of sample moments. In other words, model 

identification is concerned with the correspondence between the information to be estimated 

(parameters) and the number of sample moments (variance-covariance based matrix). The 

model in our study is over-identified with 266 degrees of freedom as shown in table 5.2. 

Table 5.2 
Calculation of degrees of freedom 

The number of variables in the proposed model 58 

The number of observed variables: 25 

The number of unobserved variables: 33 

The number of exogenous variables: 28 

The number of endogenous variables: 27 

The number of distinct sample moments 325 

The number of parameters to be estimated 59 

Degrees of freedom: (325-59) 266 

 

5.6 Model Testing 

Model testing is done to measure the difference between observed and model-estimated 

covariance matrices. Before testing hypotheses, the fit of the structural model is examined. This 

is basically to assess the extent to which the specified model fits with empirical data. The fit of 

the model is examined with the goodness of fit statistic. The measurement of goodness of fit 

statistic is reported in table 5.3. The Goodness of Fit Indices (GFI) determines whether the data 

support the theory. Other several fit indices such as Root-Mean-Square Error of Approximation, 

Comparative Fit Indices (CFI), Root-Mean-Square-Residual (RMSR), and Goodness of Fit 
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(GFI) are recommended by most of the researchers. Only one goodness-of-fit measure i.e. chi-

square test has an associated significance test and the remaining all are descriptive. The 

RMSEA is a measure to approximate the fit in the population and is therefore concerned with 

the discrepancy due to approximation. The lower the value of cmin/df (relative chi-square and 

RMSEA), the perfect is the model fit. The threshold cut-off of GFI is 0.95 if the sample factor 

loadings and sample size are low, but more than the .90 is considered acceptable for having a 

large sample size. To have a good structural model, the cut-off criteria of the CFI should be 

greater than or equal to 0.90 as specified by Hu and Bentler, 1999.  

The structural and hypothesized causal relationships among the latent constructs are examined 

in the path diagram. The casual relationship of endogenous variables and endogenous variables 

are shown using one headed arrow through path co-efficient to examine the model. The results 

of the indices depicted the poor fitting model. The value of relative chi-square, RMSEA, and 

CFI are 2.055, 0.057, and 0.924 respectively. Though the value of relative chi-square (cmin/df), 

RMSEA, and CFI is in the acceptable limit, the other indices have shown a poor model fit. The 

value of the GFI is 0.882 which is less than the acceptable limit. It is desirable to have the value 

of relative chi-square less than 3 and RMSEA less than 0.08. The value of GFI and CFI close to 

1 is considered at the best-fitting model. Though the value greater than or equal to 0.90 is 

considered acceptable. It is depicted in table 5.3. 
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Figure 5.2 
Proposed Model: Estimation of Parameters 
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Table 5.3 
Proposed Model: Fit Indices 

Fit Indices Recommended Results 

Relative Chi-Square                    ≤ 3.0 2.055 

Goodness of Fit Index (GFI)  ≥ 0.90 0.882 

Comparative Fit Index (CFI) ≥ 0.90 0.924 

RMSEA ≤ 0.08 0.057 

 

5.7 Modification Indices 

The indices shown in the proposed model are not at the recommended level. The GFI  shown in 

table 5.4 is less than the threshold limit of greater than or equal to 0.90. Modification indices 

(MI) facilitate the researcher to generate the expected model fit by reducing the value of chi-

square by showing each possible path that can be added to the model. The proposed model in 

the study shows that either the model is not properly specified or produced biased parameter 

estimates. Rather the rejecting the model, the researcher has re-specified the model with the 

help of MI for better fitting of the model from the estimation obtained from the proposed model. 

The AMOS software MI suggested the addition or elimination of relationships among the latent 

constructs.  

Table 5.4 
Modification indices 

Covariance   Modification 
Indices 

Change 

SAF  DI 29.786 0.100 

ACC  SAF 49.681 0.730 

ACC       DI 16.952 0.124 

 

The modification indices suggested the additional relationship among the latent constructs to be 

incorporated in the model to decrease the value of chi-square which results in improving the 

overall fit of the model.  
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Analysis of Modification Indices (MI) for the initially proposed model suggested modifying / 

re-specifying the model by adding the following relationship among the constructs to have the 

better fitting of the model:  

1) Covariance between SAF to DI 

2) Covariance between ACC to SAF 

3) Covariance between ACC to DI 

The Modification has been done by adding the three relationships as per the recommendation 

with parameters being eliminated.  

Table 5.5 
   Modified/Re-specified model: Degrees of freedom 

The number of variables in the proposed model 58 

The number of observed variables: 25 

The number of unobserved variables: 33 

The number of exogenous variables: 28 

The number of endogenous variables: 27 

The number of distinct sample moments 325 

The number of parameters to be estimated 62 

Degrees of freedom: (325-62) 263 

 

The re-specification of the model has led to an increase of the parameters to be estimated from 

59 in the proposed model to 62 in the re-specified model. As a result, the degrees of freedom 

have decreased from 266 to 263 on a modified model. Furthermore, it is to be noted that until 

and unless the indices of the re-specified model is confirmed through research model 

confirmation, the model is considered tentative. Finally, the model is to be tested on the basis of 

the indices threshold limits before testing the hypothesis.  
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5.8 Testing of Re-specified model 

The re-specified model has shown in the figure 5.3. The model has been re-specified by adding 

the covariance between SAF to DI, ACC to SAF, and ACC to DI respectively in a proposed 

model.  

After incorporating the relationship mentioned above, the model is tested again to evaluate the 

extent to which the empirical data fit the theoretical model. The model fit indices have been 

compared between the proposed model and the re-specified model in table 5.6. 

Table 5.6 
Model Fit Indices of re-specified Model 

Fit Indices Recommended Proposed Model Re-specified 
Model 

Relative Chi-Square (Cmin/df) ≤ 3.0 2.055 1.730 

Goodness of Fit Index (GFI) ≥ 0.90 0.882 0.901 

Comparative Fit Index (CFI) ≥ 0.90 0.924 0.948 

RMSEA ≤ 0.08 0.057 0.047 

 

The comparative results of the fit indices of the proposed model and re-specified model have 

been shown in the table 5.6. It is to be pointed out that the value of relative chi-square in the re-

specified model has been decreased from 2.055 in the proposed model to 1.730 which tests the 

difference between the empirical covariance matrix and the covariance matrix determined by the 

conceptual model. The value of other indices such as GFI and CFI in the re-specified model is 

greater than the threshold limit. The RMSEA has also gone down from 0.057 in the proposed 

model to 0.047 in the re-specified model. It can be concluded that the accuracy of the model is 

established and confirms its validity. 
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Figure 5.3 
Re-specified Model: Estimation of Parameter 
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5.9 Hypothesis Testing 

The results of SEM using AMOS software are used to test the hypothesis. The z statistic 

associated with the estimated parameter coefficient is used to test the hypothesis. Results of the 

hypotheses tests are shown in table 5.7. 

Table 5.7 
Summary of Hypothesis tests results 

Hypothesis Hypothesised Path Std loadings Z statistics p-Value Results 

Ha1 SQ             SAT 0.091 3.03 0.002** Supported 

Ha2 SQ             BI 0.250 2.251 0.024* Supported 

Ha3 ACC          SAT 0.112 2.180 0.029* Supported 

Ha4 ACC          BI 0.069 -0.182 0.856 Not supported 

Ha5 SAF           SAT 0.333 5.897 *** Supported 

Ha6 SAF           BI 0.240 2.994 0.003** Supported 

Ha7 DI              SAT 0.208 4.468 *** Supported 

Ha8 DI              BI 0.27 0.426 0.670 Not supported 

Ha9 SAT           BI 0.250 2.251 0.024* Supported 

*p<0.05, ** p<0.01, ***p<0.001 

Note: SQ=Service Quality; ACC =Accessibility; DI=Destination Image; SAF =Safety & 
security; SAT= Tourist’ Satisfaction and BI= Behavioural Intention 
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Hypothesis a1: Service quality of homestays in Darjeeling hills has a direct influence on the level 

of satisfaction of the tourists. 

The structural path between service quality and tourists’ satisfaction in the structural model is 

significant (β = 0.091, z = 3.03) at ρ < 0.01. It supports Ha1 and it can be inferred that there is a 

direct influence of service quality on the satisfaction level of tourists’ visiting homestays in 

Darjeeling hills. So, it can be concluded that service quality is a significant predictor of tourists’ 

satisfaction.  

Hypothesis a2: Service quality of homestays in Darjeeling hills has a positive influence on the 

behavioural intention of the tourists. 

The path coefficient between the service quality and the behavioural intention in the structural 

model was significant (β = 0.250, z = 2.251) at ρ < 0.05. The Ha2 is supported and it can be 

concluded that service quality is the strong predictor of behavioural intention of the tourists’ 

visiting Homestays in the Darjeeling hills.  

Hypothesis a3: Accessibility convenience of the homestays in Darjeeling has a direct influence 

on the level of satisfaction of the tourists. 

Ha3 is supported based on the structural path coefficient between accessibility and tourists’ 

satisfaction. The path coefficient was significant (β = 0.112, z = 2.180) at ρ < 0.05. We can 

conclude that accessibility has a direct and significant impact on tourists’ satisfaction.  

Hypothesis a4: The higher level of accessibility convenience would lead to a positive influence 

on tourists’ behavioural intention of the visitors’ visiting homestays in Darjeeling hills. 

The structural path coefficient in the model shows that there is no statistically significant (β = 

0.069, z = -0.182) impact of accessibility on the behavioural intention of the tourists’ visiting 

homestays in Darjeeling. Therefore, Ha4 is rejected and inferred that the accessibility is not a 

strong predictor of behavioural intention.   
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Hypothesis a5: The perceived safety and security of the tourists’ will lead to higher-level 

satisfaction for the tourists’ visiting homestays in Darjeeling hills. 

Ha5 is supported as the path coefficient in the structural model between safety & security is 

significant (β = 0.333, z = 5.897) at ρ < 0.001. There is a direct and significant impact of safety 

& security on tourists’ satisfaction and can be concluded that safety & security is a strong 

predictor of tourists’ satisfaction.  

Hypothesis a6: The perceived safety and security of the tourists’ will lead to a positive impact on 

behavioural intention of tourists’ visiting homestays in Darjeeling hills.  

The structural path coefficient between Safety & security and behavioural intention is 

significant (β = 0.240, z = 2.994) at ρ < 0.01. Therefore, Ha6 is supported and accepted. There is 

a direct and positive impact of safety & security to the behavioural intention and can be inferred 

that the safety & security is a strong predictor of behavioural intention.  

Hypothesis a7: The image of the destination has a direct influence on the perceived satisfaction 

of the tourists’ visiting homestays in Darjeeling hills. 

The path coefficient in the structural model between destination image and tourists’ satisfaction 

is significant (β = 0.208, z = 4.468) at ρ < 0.001. Therefore, Ha7 is supported and accepted. It 

can be inferred that there is a significant and direct influence of destination image on tourists’ 

satisfaction and concluded that destination image is a strong predictor of tourists’ satisfaction. 

Hypothesis a8: The image of the destination has a direct influence on the behavioural intention 

of the tourists’ visiting homestays in Darjeeling hills. 

The structural coefficient between destination image and behavioural intention is not 

statistically significant (β = 0.27, z = 0.426). Therefore Ha8 is not supported. There is an 

insignificant impact of destination image on behavioural intention and is concluded that 

destination image is not a strong predictor of behavioural intention.  
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Hypothesis a9: There is a positive impact on tourists’ satisfaction with the behavioural intention 

of the tourists’ visiting homestays in Darjeeling hills.  

The structural coefficient between tourists’ satisfaction and behavioural intention is significant 

(β = 0.250, z = 2.251) at ρ < 0.05. Therefore, Ha9 is supported and accepted. It can be inferred 

that tourists’ satisfaction has a strong influence on behavioural intention of the tourists’ visiting 

homestays in Darjeeling hills. 
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5.10 Mediation Analysis 

Mediation analysis is intended to analyze the reason for the association between the independent 

and dependent variables (Preacher & Kelley, 2011). The mediation (M) is hypothesized to 

investigate the association between independent(X) and dependent variables (Y). 

The path ‘a’ indicates the influence of the independent variable (X) on the mediating variable 

(Y). Similarly, path ‘b’ indicates the effect of the mediating variable (M) on the dependent 

variable (Y). In the same way, the path ‘c’ represents the total and direct effect of the 

independent variable (X) on the dependent variable (Y) without a mediating variable (M). The 

path ‘c’’ indicates the direct effect of the independent variable (X) on the independent variable 

(Y) with a mediator (M). Therefore, the indirect effect of the independent variable to the 

dependent variable with a mediator is the path coefficient ‘a’ and ‘b’.  

Figure 5.4 

Simple Mediation Model 
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5.10.1 Condition for determining mediation in the model 

The first and foremost condition for mediation is the path coefficient ‘c’ representing the effect 

of the independent variable (X) to the dependent variable (Y) without a mediator (M) should be 

significant as given by Baron and Kenny (1986). If the ‘c’ representing the direct effect between 

independent and dependent variables is not significant then the indirect effect does not exist in 

the model. In other words, if the ‘c’ is not significant then the product of ‘a’ and ‘b’ i.e. the 

indirect effect does not exist because there is no overall effect to mediate. Secondly, the path ‘a’ 

representing the effect of the independent variable (X) on the mediating variable (M) should be 

significant. Finally, the path ‘b’ representing the effect of the mediating variable (M) on the 

dependent variable (Y) should be significant. 

5.10.2 Partial and Full Mediation 

After fulfilling the above condition, it is to be ascertained the partial, complete mediation and 

the no mediation in the model. If path ‘c’’, representing the direct effect of the independent 

variable (X) on the dependent variable (Y) with the mediating variable (M) is insignificant then 

this type of mediation is called full mediation as shown in figure 5.5. On the other hand, if the 

path ‘c’’, representing the direct effect of the independent variable(X) on the dependent variable 

(Y) with a mediating variable (M) is significant, then it is said to be the partial mediation.  

Preacher and Hayes (2008) have suggested a bootstrapping method to test whether the 

mediating variable (M) mediates the relationship between the independent variable (X) on the 

dependent variable (Y) in the model. Bootstrapping is the re-sampling technique where the 

sample is repeatedly drawn from the population to compute the desired statistical result. 

To test the type of mediation of mediating variables between the independent and dependent 

variables, the bootstrapping method is used as suggested by Preacher and Hayes (2008). 

Bootstrapping is the technique where the sample is drawn repeatedly to compute the desired 
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statistical result. The SPSS 20 is used to test the mediation by computing and analyzing the 

total, direct, and indirect effects of independent and dependent variables individually in the 

subsequent segment along with graphical representation. The output of the SPSS test results is 

shown in Appendix 3. 

5.10.3 Mediating effect of tourists’ satisfaction (SAT) between service quality (SQ) and 

behavioural intention (BI) 

 

Figure 5.5 

Mediating effect of SAT on SQ and BI 
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The first condition as suggested by Baron and Kenny (1986) is fulfilled as the total effect of the 

independent variable (SQ) has a significant impact on the dependent variable (BI) with the 

coefficient of 0.191. Additionally, the second condition is also been fulfilled as the independent 

variable (SQ) has a significant impact on a mediator or mediating variable (SAT) with the 

coefficient of 0.177. The co-efficient (direct impact) of SQ on BI has reduced from 0.191 to 

0.136 after the mediating variable (satisfaction) entered the model but still significant. This 

inferred that satisfaction does not fully explain the reason for the relationship between SQ and 

BI. Hence, SAT acts as a partial mediator in the model.   

5.10.4 Mediating effect of tourists’ satisfaction (SAT) between safety & security (SAF) and 

behavioural intention (BI) 

 Figure 5.6 
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The first condition as suggested by Baron and Kenny (1986) is fulfilled as the total effect of the 

independent variable (SAF) has a significant impact on the dependent variable (BI) with the 

coefficient of 0.299. Additionally, the second condition is also been fulfilled as the independent 

variable (SAF) has a significant impact on a mediator or mediating variable (SAT) with the 

coefficient of 0.50. The co-efficient (direct impact) of SAF on BI has reduced from 0.299 to 

0.176 after the mediating variable (SAT) entered the model but still significant. This inferred 

that satisfaction does not fully explain the reason for the relationship between SAF and BI. 

Hence, SAT acts as a partial mediator in the model.   

5.10.5 Mediating effect of tourists’ satisfaction (SAT) between destination image (DI) and 

behavioral intention (BI) 

Figure 5.7 

Mediating effect of SAT on DI and BI 
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The first condition as suggested by Baron and Kenny (1986) is fulfilled as the total effect of the 

independent variable (DI) has a significant impact on the dependent variable (BI) with the 

coefficient of 0.221. Additionally, the second condition is also been fulfilled as the independent 

variable (DI) has a significant impact on a mediator or mediating variable (SAT) with the 

coefficient of 0.426. The co-efficient (direct impact) of DI on BI has reduced from 0.221 to 

0.096 after the mediating variable (SAT) entered in the model and is insignificant. This inferred 

that satisfaction does fully explain the reason for the relationship between destination image and 

behavioural intention. Hence, satisfaction acts as a full mediator in the model.   

5.10.6 Mediating effect of tourists’ satisfaction (SAT) between accessibility (ACC) and 

behavioural intention (BI) 

Figure 5.8 

Mediating effect of SAT on ACC and BI 
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coefficient of 0.130. Additionally, the second condition is also been fulfilled as the independent 

variable (ACC) has a significant impact on a mediator or mediating variable (SAT) with the 

coefficient of 0.35. The co-efficient (direct impact) of ACC on BI has reduced from 0.130 to 

0.015 after the mediating variable (SAT) entered the model and has been found to be 

insignificant. This inferred that SAT does fully explain the reason for the relationship between 

ACC and BI. Hence, SAT acts as a full mediator in the model.   

5.11 Conclusion 

The SEM is a comprehensive statistical tool that deals with both the latent and observed 

variables simultaneously. The unobserved or latent constructs cannot be measured directly. The 

latent constructs are measured with the help of the observed variable indirectly. The observed 

variables are the manifest variables (indicators) which help to identify the different underlying 

constructs. Therefore, one latent variable is represented by several indicators. 

Before testing the structural model, the measurement model has to be validated and shown in 

the previous chapter. The measurement model deals with the relationship between the latent 

factors with their related indicators and covariance among the latent constructs depicting by 

two-directional arrows. But the SEM also incorporates the uni-directional error representing the 

casual relationship among the latent constructs. It is intended to examine the identification of 

the model. The SEM is only possible when the model is over-identified. The just identified and 

under-identified model does not work in SEM. In brief, the number of parameters to be 

estimated should be less than the number of sample moments. In other words, model 

identification is concerned with the correspondence between the information to be estimated 

(parameters) and the number of sample moments (variance-covariance based matrix).  

The structural and hypothesized causal relationships among the latent constructs are examined 

in the path diagram. The casual relationship of endogenous variables and endogenous variables 

are shown using one headed arrow through path co-efficient to examine the model. The results 

of the indices depicted the poor fitting model. The value of relative chi-square, RMSEA, and 
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CFI are 2.055, 0.057, and 0.924 respectively. Though the value of relative chi-square (cmin/df), 

RMSEA, and CFI is in the acceptable limit, the other indices have shown a poor model fit. The 

value of the GFI is 0.882 which is less than the acceptable limit. It is desirable to have the value 

of relative chi-square less than 3 and RMSEA less than 0.08. The value of GFI and CFI close to 

1 is considered at the best-fitting model. Though the value greater than or equal to 0.90 is 

considered acceptable. It is depicted in table 5.3. 

The indices shown in the proposed model are not at the recommended level. The GFI  shown in 

table 5.4 is less than the threshold limit of greater than or equal to 0.90. Modification indices 

(MI) facilitate the researcher to generate the expected model fit by reducing the value of chi-

square by showing each possible path that can be added to the model. The proposed model in 

the study shows that either the model is not properly specified or produced biased parameter 

estimates. Rather the rejecting the model, the researcher has re-specified the model with the 

help of MI for better fitting of the model from the estimation obtained from the proposed model. 

The AMOS software MI suggested the addition or elimination of relationships among the latent 

constructs. 
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